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Transposed Convolution Transposed Convolution
Problem statement:

Kernel Output Dependencies on Inputs
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- The choice of upsampling layer and skip T
connections were only studied in the context e

of a single problem.
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Conclusions:
1) Decoders matter, high variance of results.
2) Residual connection helps.
3) Additive linear upsampling gives the best overall results.

Problem Residual Skip Semantic Segmentation Depth Prediction Colorization Super-resolution Instance Edge Detection
Dataset VOC Pascal 2012 NYUv2 Depth ImageNet CelebA VOC Pascal 2012
Metric mloU MRE AUC SSIM f-measure
Transposed NN - oest
Transposed N b .65 - _ -
Decomposed Transposed N N .
Decomposed Transposed N ) 0.652 - _
Separable Transposed N N
Separable Transposed N Y
Upsample Bilinear + Conv N N .
Upsample Bilinear + Conv N h 4 0.174
Conv + Depth To Space N N
Conv + Depth To Space N Y -
Bilinear Additive Upsampling + Conv N N
Bilinear Additive Upsampling + Conv N Y
Transposed Y N
Transposed Y h
Decomposed Transposed ¥ N
Decomposed Transposed ¥% Y:
Separable Transposed Y N
Separable Transposed Y Y
Upsample Bilinear + Conv Y N
Upsample Bilinear + Conv Y Y
Conv + Depth To Space Y N
Conv + Depth To Space Y ¥

<

Bilinear Additive Upsampling + Conv - “

Bilinear Additive Upsampling+ Conv| Y | Y

<



mailto:zbigniewwojna@gmail.com
mailto:vittoferrari@google.com
mailto:sguada@google.com
mailto:nsilberman@google.com
mailto:lcchen@google.com
mailto:alirezafathi@google.com
mailto:jrru@google.com
https://arxiv.org/pdf/1609.07009.pdf
https://arxiv.org/pdf/1606.00373.pdf)
https://arxiv.org/pdf/1606.00373.pdf)
https://arxiv.org/pdf/1609.07009.pdf
https://arxiv.org/pdf/1609.07009.pdf
http://distill.pub/2016/deconv-checkerboard/
http://distill.pub/2016/deconv-checkerboard/

