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Abstract

We propose a novel method for learning directly on multiple surfaces via spectral graph convolutions. The Standard method
relies on spherical inflation and slow mesh deformations[1]. Graph convolution networks are fast but, restricted to a single
fixed-graph structure, relying on Euclidean representations (as in [2]). Our contributions are multifold. Graph convolutions
for multiple graph structures. Geometry aware spectral filters. A fast surface based algorithm for cortical parcellation.

Limitations Possible solution
Euclidean domain: Lacks geometrlc information Spectral domain: Aware of highly folded geometry
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Proposed algorithm
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